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sw-h [ 801 | 89.8 873 844 || 857 809 713
sw-s | 540 [ 649 789 795 618 na 67.0
walk | 504 | 553 703 79.1 || 405 57.1 69.1
Avg. | 608 | 619 718 686 || 560 639 654

able 1. mAP of our actionness with pro motion and joint
feature against actionness [S] on UCF sport dataset
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UCF-Sport | JHMDB | Penn Action

Bascline DT 83.0 544 4.5
Seg DT* 93.6 58.6 95.0
GT bbox DT D 55.5 954
G T puppet mask DT 56.2 -

Table 3. Action Recognition nesults

subact of frames all frame
121]_ [24] | Ours || [24] [ Ours

dive 434 467 | 480 4435 | 483
golf 1 513 | 496 || S05 | 500
kick I6E 506 | 360 | 483 | 355
lift 6EE 550 | 572 514 | 57.
fide 219 295 | 298 36 [ 298
run 200 343 | 339 33 337

skale 130 400 | 46.1 a5 | 459
swing-h | 327 548 | 626 | 543 | 623
swing-s 164 193 39 20t 549
walk 283 395 | 581 39 58.1
Avg. 318 421 | 481 410 | 48.0
Table 4, Action localization results measured as average 10U (in
%) on the UCF sports dataset
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Precision Recall

U U+ U+P+H Al | U

U+ U+P+H Al U

U+P  UsP+sH Al

UCF-Sport | 400 42.1 442 6 | 678 704 138 DS MA 352 563 606
J-HMDB 27 M6 458 B8 | 572 605 630 627 | 00 680 677 720

Penn Action | 489 490 499 515 | 661

670 696 698 | 681 617 658 694 |
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Table 2, Table shows mean 10U (Intersection over union), mean Precision and mean Recall of UCF-Sports, JFHMDB and Penn Action data
sets, with only unary potential(U), unary and pairwise potential (U+P), with high order (U+P+H) and our full model (All),

[14](80.24%).
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UCF-Sports

Tunming skaling 7 swing-bench swing-sidcangle walking

Figure 6. Segmentation visualization of JHMDB and UCF-Sports data set of all the classes. The red is the ground truth mask, the cyan in
UCF-Sports is the unary result and the green is our result with full model,
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